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Mire jó a közgazdaságtan, ha van Big Data?



Mire jó a közgazdaságtan, ha van predikt́ıv statisztika?



Amazon “anticipatory shipping”

I Az előrejelzésen alapuló szálĺıtás már azelőtt elind́ıtja az árut,
mielőtt megrendelnénk.

I Ha bevezetné, milyen hasznai és költségei lennének az
Amazonnak?
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1. Modell



1. Modell

Korábban nem megfigyelt (counterfactual) beavatkozások
értékeléséhez modellekre van szükségünk.
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Hogyan ösztönözzük a gyerekek beoltását?

I Banerjee, Duflo, Glennerster, Kothari: “Improving
immunisation coverage in rural India.” BMJ 2010.

I ,,Ha szó szerint vesszük Duflo előadását, a legjobb módja a
New York-i gyerekek beoltatásának, ha adunk a szüleiknek fél
kiló lencsét. Hiszen ennek hatását tudományosan igazolták.”
(hozzászóló Duflo TED-előadása után)
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A KGFB-kampány hatása a váltási valósźınűségre (Kiss,
2014)

A structural switching cost model with inattentive consumers Motivation

Switching rates seem to be capped at well below 100%

András Kiss (CEU) Salience and switching Nov 7, 2014 39 / 565



A hatás két modellje (Kiss, 2014)

A structural switching cost model with inattentive consumers Model

Structural e↵ects on switching costs vs inattention

András Kiss (CEU) Salience and switching Nov 7, 2014 44 / 56
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2. Közgazdaságtan



2. Közgazdaságtan

A közgazdasági modellek seǵıtenek a gazdasági, üzleti, társadalmi
döntések hatásainak kiértékelésében.

2a. Ösztönzők
Lucas-kritika: Ha a beavatkozás megváltoztatja a szereplők
ösztönzőit, félrevezetőek a múltbeli adatok.

2b. Rendszerszemlélet
Nagy beavatkozásoknál ne hanyagoljuk el az egyensúlyi
visszahatásokat!
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Csoporthatások az Air Force Academyn (Carrell,
Sacerdote, West, 2011)

I Az AFA sorsolással dönti el, ki melyik osztályba jár, ı́gy jól
használható csoporthatások pontos mérésére.

I Az alacsonyabb képességűek nyernek a legtöbbet a
csoporthatásokból.

I Az ez alapján végrehajtott osztály-optimalizálás viszont
látványosan sikertelen lett.

I extrapolálás, optimalizálás rossz modellből
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Az első kisérlet alapján jósolt hatás

Simulated results II. 

12 
9



A tényleges hatás

Experimental results II. 

14 
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Egy RCT indirekt hatásai (Angelucci, de Giorgi, 2009)

I A Progresa egy mexikói randomizált segélyezési program.

I A programban nem résztvevők is jól járnak (hitelezés,
informális biztośıtás).
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A programban nem résztvevők is jól járnak

MARCH 2009494 THE AMERICAN ECONOMIC REVIEW

no indirect effect in November 1998, a few months after the program transfers began, the ITE on 
food consumption is significantly higher, by 19.3 and 17.3 pesos per adult equivalent in May and 
November 1999. The estimated effects are 20.7 and 18.8 when we add conditioning variables. 
This is approximately a 10 percent increase over the average consumption in control villages.

The program effect on food consumption for the poor is positive and significant in all three 
periods and grows over time, consistent with the existing evidence (John Hoddinott, Skoufias, 
and Ryan Washburn 2000; Paul Gertler, Sebastian Martinez, and Marta Rubio-Codina 2006); it 
amounts to 15.8, 25.7, and 30.6 pesos per adult equivalent in the three waves we observe.

The estimated ITEs are robust to a variety of checks. First, by checking the administrative 
records, we verify that the nonpoor are not erroneously receiving the program transfers. Second, 
we find that the estimated effects are not caused by a disproportionate increase in the consump-
tion of a few families. To test this hypothesis, we estimate average consumption for treatment 
and control households, grouping them according to their poverty level. Figure 2 provides kernel 
estimates of these averages, and shows that consumption is higher in treatment villages for all 
poverty levels. We also regress consumption on the welfare index interacted with the treatment 
dummy and find the interaction term is positive and significant. We further compare the densities 
of consumption for the nonpoor in treatment and control villages. We find that low consumption 
is less frequent and high consumption more frequent in treatment villages.

Third, in Table 2 we estimate treatment effects on the caloric content of food consumed, rather 
than on its monetary value. This exercise is a useful robustness check because, to compute the 
value of home-produced food, we had to impute prices from purchased goods. If the imputed 
prices were inaccurate, this would provide imprecise consumption data. We find a significant 
increase in daily caloric intake of 178 kilocalories per adult equivalent for the ineligibles and 340 
for the eligibles. The estimates are obtained by pooling consumption data for May and November 

Table 1—Average Monthly Food Consumption per Adult Equivalent—Levels and Differences

Ineligibles Eligibles

Nov. 1998 May 1999 Nov. 1999 Nov. 1998 May 1999 Nov. 1999

Control 222.61 213.69 206.71 159.96 159.92 153.7
[179.76] [212.19] [232.56] [112.19] [158.33] [126.72]

Treatment 216.38 233.06 224.08 175.80 185.66 184.31
[166.82] [303.79] [285.61] [136.59] [193.81] [172.25]

No controls:

ITE −6.24 19.37 17.36 ATE 15.84 25.74 30.61
[7.58] [10.50]* [9.70]* [4.86]*** [5.80]*** [5.15]***

Observations 4,643 3,855 4,285 10,973 9,659 10,554

Controls:

ITE −5.20 20.72 18.84 ATE 15.49 24.42 29.86
[7.47] [10.19]** [9.42]** [4.75]*** [5.64]*** [4.79]***

Observations 4,624 3,838 4,266 10,936 9,630 10,518

Notes: Monthly pesos per adult equivalent at November 1998 prices; the exchange rate is roughly ten pesos per US dol-
lar. We report the standard deviations of the means and the standard errors, in brackets, of the treatment effects. The 
latter are clustered at the village level. The set of conditioning variables we add to the regressions in the left panel are: 
household poverty index, land size, head of household gender, age, whether speak indigenous language, literacy; at the 
locality level, poverty index and number of households. All variables are at 1997 values.

*** Significant at the 1 percent level.
 ** Significant at the 5 percent level.
  * Significant at the 10 percent level.
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Rendszerjellegű változások

I Google-keresés vs linkekre kattintás.

I Google trendek használhatósága.

I Zenék, filmek, könyvek ajánlórendszereire adott reakciók (Pál,
2014).
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3. Implementáció



3. Implementáció

I A beavatkozás legyen egyszerű! (ld. Gawande: Checklist
Manifesto)

I Vegye figyelembe a végrehajtók ösztönzőit!
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A BetterBirth projekt Uttar Pradeshben

I BetterBirth projekt (Atul Gawande, WHO):
I újszülött melegen tartása, hőmérés
I anyával együtt vs elválasztva

I Hogyan vezessük be? (indiai szülésznők tapasztalatai)

1. Tedd ezt!
2. Ha nem teszed ezt, akkor...
3. Mi ezt ı́gy csináljuk.
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Technológiai innováció elfogadása (Atkin, Chaudhry,
Chaudry, Khandelwal, Verhoogen, 2014)

I A legtöbb focilabdát Pakisztán egy régiójában gyártják.

I Adjunk néhány cégnek hasznos technológiai tudást, és nézzük
meg, hogyan terjed.

I De: a kezelt cégek is alig használják... (kb. 18 százalék)
I Miért?
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A focilabdához szükséges formák

Figure 1: “Buckyball” Design

Notes: Figure shows the standard “buckyball” design. It combines 20 hexagons and 12 pentagons.

Figure 2: U.S. Imports of Inflatable Soccer Balls
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Az ötszögek jobb elhelyezése csökkenti a bőrhulladékot
Figure 11: Cutting Pattern for “O↵set” Four-Pentagon Die

Notes: Figure displays the cutting pattern for the four-panel o↵set die.

Figure 12: Blueprint for “O↵set” Four-Pentagon Die

Notes: Figure displays blueprint of the four-panel o↵set die that was provided to Tech-Drop firms. Blueprint

contained instructions for modifying size of die.
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A technológiahasználók ösztönzői

I A nyomtató és vágó munkásokat darabbérben fizetik.

I Nem érdekeltek a hulladék csökkentésében.

I Jobb az elfogadás egy komplementer ösztönzőrendszer
bevezetésével együtt.
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Következtetések



Következtetések

1. Korábban nem megfigyelt (counterfactual) beavatkozások
értékeléséhez modellekre van szükségünk.

2. A közgazdasági modellek seǵıtenek a gazdasági, üzleti,
társadalmi döntések hatásainak kiértékelésében.

3. A közgazdaságtan, pszichológia, szervezetszociológia seǵıtheti
a sikeres implementációt.
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